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Linear Equation Circuits using the Neural Optimization Concept

Min-Jae Kang*

ABSTRACT

A neura] network structure able to perform the operations of linear equation problem is proposed. The

network employs Hopfkeld's model of a neuron with the connection elements specified on the basis of an

analysis of the energy function. Simulation using Pspice has shown convergence predominently to the correct

global minima.

Key Words : Linear equation. Hopfield. Neural Networks. Energy function. Convergence. Global

minima.
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Fig. 1. Linear programming Neural Networks
(n=2. m=3).
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Fig. 2. Neural Networks for case study.
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Fig. 3. Pspice schemetic diagram for case study.

Heo AL AY goz HFax
th Q71N 39 2044 FFHYEL 2dT AL
= HY AAZ AGYe Algste Ho) Lol
W&otk 2% dax Pspice AlEHOIM AREL B
o F3 lowvl oF Susoll M ©xke) Wz} 0.00]ve] g
ojel. Aol Agel wat exe FAH FolM #4
A #G A gAPL B 73 ¢uh 1Y =
AT E A JUFEIY 7187] 48 12 39 AN
AAARF A o] 3718 A$ Algdo)A

Age AN

Fig. 4a. Simulation Result where 8 =10000.
k=10000. G ~ (.

164

i

Fig. 4b. Simulation Result where 8=1. k =10000.
G =0.
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Fig. 4c. Simulation Result where 8 =10000.
k =10000. ri=1
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