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Image Restoration and Segmentation Using Gibbs Random Fields

Kim Doo-gyung, Choi Yeon—sung*

Summary

A new algorithm using Gibbs Distribution is proposed for segmentation of noisy and textured images.

It can reduce the processing time and do parallel processing by detecting the local properties of

homogeneous images based on Gibbs Distribution parameters. In the noisy image segmentation it assigns

the same potential value to pair clique parameters and in the texture image segmention uses some texture

model parameters. These parameters determine uniform regions and texture types by recursive updating

schedule which uses a simple step transition probability criterion.
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Fig 4. Region Segmentation: SNR 0.7 (b) Bi=0.5 (c) Bi=0.7
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