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Abstract

Weather is often accompanied by disaster and also affects industries such as
energy, travel and leisure, insurance, and agriculture. Thus, information and
analysis of weather 1s an 1important component of accurate weather
forecasting, existing and meteorological industry. Weather, especially
precipitation affects our lives in general. In addition, various information is
needed to accurately predict precipitation. Among the information, Water
vapor images, which image the distribution of water vapor in the middle and
upper troposphere observed in meteorological satellites, are frequently used for
precipitation prediction and analysis. Agriculture and tourism are very
important industries in Jeju island. Therefore, precipitation forecasting /
analysis in Jeju is more important than in the other provinces. However, with
the topographical effect of Mt. Halla with the height of 1,950m above sea
level, different climates appear in different regions. Thus, precipitation
analysis in Jeju 1s not easy. Therefore, a new method for analyzing

precipitation in Jeju should be studied.

In this thesis, we propose a Jeju precipitation pattern analysis method using
a convolution neural network (CNN) based texture analysis method. The
implementation system is a method for analyzing precipitation using CNN
with Water vapor images and images made of local temperature information
as input. Experimental results with weather data from 2015 to 2018 show the

effectiveness of the proposed method.
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