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Abstract

In this study, we aim to evaluate the impact of events in culture industry using

daily stock prices. For this, we fit GARCH models to the stock price data and then

conduct a parameter change test to see the impact of the events. In this thesis,

the score test is used for parameter change introduced by Berkes et al. (2004).

Concretely, the stock price data of NCSoft (KRX:036570) is analyzed to examine

the impacts of new game products and game policies.
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