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Abstract

Clustering method based on similarity calculation
of Mixed Data

Song, Hyoung—Min
Department of Computer Engineering
Graduate School

Jeju National University

Supervised by Professor Lee, Sang-Joon

The enormous increase of data with the development of the information
technology makes internet users hard to find suitable information tailored to
their needs. In the face of changing environment, the information filtering
method, which provide sorted-out information to users, is becoming important.
The data on the internet exists as various type. However, similarity calculation
algorithm frequently used in existing collaborative filtering method is tend to
be suitable to the numeric data. In addition, in the case of the categorical data,
it shows the extreme similarity like boolean algebra. In this paper, we get the
similarity in SNS user’s information which consist of the mixed data using the
Gower’s similarity coefficient. And we suggest a method that is softer than
radical expression such as O or 1 in categorical data. The proposed method is
more delicate than exact match method. It also make data meaningful in scarce
of initial categorical data. The clustering method using this algorithm can be
utilized in SNS or various recommendation system.

Keywords : Similarity, Clustering, Mixed data, Gower's similarity coefficient
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2) k-means &8 &
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Input
1. k © Number of clusters

2. D : Data set of which the size is n

Output : k Clusters

Algorithm
1. k initial "means” are 2. k clusters are created by 3. The centroid of each of
randomly generated associating every the k clusters
within D. observation with the becomes the new mean.
nearest mean.
[ ]
o
a o ¢ .
a = .E! E\
Z Q\Q J
%" am ™

4. Steps 2 and 3 are
repeated until
convergence has been

reached.

<% 1. k-means Algorithm[10]>
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