BHARE ERAHATH WX, B108, 1%, pp.96-101, 1999. 6
Cheju Nat'l Univ. Res. Insti. Ind. Tech. Jour., Vol.10, No.1 pp.96-101, 1999. 6

$ALTAZE Aoz e
S4sl 243 1) B 47
2z A3 %

A Study on the Multi-Objective Optimization
Based Upon the Genetic Algorithm

Kyung-Ho Cho’

ABSTRACT

In this study a multi—objective optimization algorithm named MOGA has been developed
based—upon the Genectic Algorithm. Contrary to the general Genetic Algorithms, it is possible for
the MOGA to search the multi—objective optimal solutions without introducing the weighting factors
between the objective functions. The performance of the MOGA has been tested through the optimal
fuel loading pattern search for the future application to the nuclear power plant. The test shows
promising results that the loading pattern searched by the MOGA satisfies the objective functions
and constraints well.
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