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Summary

This paper is related to the image restoration which is one of the
image processing technologies, mainly used in multimedia technology
nowadays.

If the image gets faded and noised, it comes difficult to utilize the
image. In this case, the image restoration method is mainly used.

The early image restoration method employed concept in frequency
domain, algebraic technology is recently a lot being used. In this
paper, proposed method to restore the distorted image using
optimization faculty of the genetic algorithm.

Initial predictive image group is generated from the distorted image
in order to get the original image. Genetic operation is applied to the
individuals in the produced group in order to generate the next
generation predictive image group. Predictive image which approaches
the original image i1s obtained after generating several generations

through reiterating this procedure.
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Procedure: Genetic Algorithms
Begin

t < 0;

initialize P(t):

evaluate P(t);

While (not termination condition) do
recombine P(t) to yield C(t);
evaluate C(t);
select P(t+1) from P(t) and C(t)
t <t +1:

End

End

Fig. 4 Procedure of genetic algorithms
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Procedure: Fitness Algorithms
Begin
Fit < 0:
For i:=0 to Max do Begin
For j:=0 to Max do Begin
I1f Chro(i,j) = Chro(i,j-1) then Fit = Fit + 1:
Else If Chro(i,j) = Chro(i, j+1) Then Fit = Fit + 1:

Else
Else
Else

I1f Chro(i, j)
I1f Chro(i, j)
1f Chro(i,j)

Chro(i+l,j-1) Then Fit = Fit
Chro(i+l,j) Then Fit = Fit + 1:
Chro(i+l,j+1) Then Fit = Fit

+
o)

+
ot

Else If Chro(i,j) = Chro(i-1,j-1) Then Fit = Fit + 1:
Else If Chro(i,j) = Chro(i-1,j) Then Fit = Fit + 1:
Else If Chro(i,j) = Chro(i-1, j+1) Then Fit = Fit + 1:
End
End
End

Fig. 9 Fitness algorithms

siLbel Blavt Folol Ha sAjel 2E Prid 1 Haelt o4 A
o2 mW @3 Wado] Aojupx] e AoT B & gtk el ol
AA BEoIAE 3tavl Zele] 3hi 8749 RS 22 4 ¢lom ofd 3}
2 @3 el dai® Bl Haol TEo s Atk 1y
date] @B} WAS AA BRI oluis A9r) wrim B o] Ha
o AYEL YA BASYTE & "AREs} RS AL W AR
oz} @atel @yl Arin Brjstadr

_13_



Tl 7Rz

5

=

]

Fig. 10 Crossover

0{0]0

0[0]0

0|=—(0]0[0

Fig. 10 Mutation

_14_



]

&
T
<0

Bo

ol

olo

el
Njm
]
N
!

oF

ol

(o]
L

ol

7o
i+
offy
&

ol

GHA2 :

2 A iz ws

e

ol
™

D THAI2, ®HA]

A4

Image Restoration Unsing Genetic Algorithms

Procedure:

Begin

population P(t):
fitness P(t);

While (not termination condition) do

selection P(t+1):;

crossover P(t+1);

mutition P(t+1);
fitness P(t+1):
t «— t +1;

End
End

Fig. 11 Image restoration unsing genetic algorithms
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Fig. 15 (a) Original image:; (b) Image including 10% gaussian noise:

(d) Restoration image
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Fig. 16 (a) Original image:; (b) Image including 20% gaussian noise:

(d) Restoration image
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